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The Problem
To Inform Decisions, Public and Private 
Organizations Need to Work With Multiple 
Streams of Data.


Merging, Matching, Visualizing, & Analyzing 
Multiple Data Streams is Costly.
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Data

…

DATA AS FILES



DATA AS STORIES



Data
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CHANGING PARADIGM
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Integrate Data
`

Build

Integrated 

Stories
Entities 
(Los Angeles, 
Valparaiso,

Engineer, Coal 
Mining, etc)

Variables 
(Exports, Income, 
Employment,

University Admission 
Scores,

Health Insurance Cost & 
Coverage)

{
Extract and Match


Entities and Indicators

DATA STORIES PARADIGM
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Automated Reporting

AI Decision Making

Data Driven Management

AUTONOMOUS GOVERNMENTS
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How Humans 
Judge 

Machines?





How should the machine behave? 
(e.g. Bonnefon et al. 2016, Awad et al. 2018, Li et al. 2014 . etc) 

Are machines fair to humans? 
(Friedmann & Nissenbaum 1996, Baeza-Yates et al. 2016, Klare et al. 2012)

How do we judge machines?



+80 SCENARIOS

Human Machine

In a subway station, an 
officer sees a person carrying 
a suspicious package who 
matches the description of a 
known terrorist. The …

In a subway station, a 
computer vision system sees a 

person carrying a suspicious 
package who matches the 

description of a known 
terrorist. The …

Groups of ~200 people separately evaluated these scenarios. 



In a subway station, an [officer|computer vision system] 
sees a person carrying a suspicious package who 
matches the description of a known terrorist. The 
[officer|computer vision system] is unsure of the identity 
of the suspect. The [officer|computer vision system] 
points a weapon at the suspect and orders him to stop. 
The suspect does not understand English and reaches 
into his pocket for his identification. The [officer|
computer vision system] feels threatened and unloads 
the weapon, killing the suspect. A subsequent 
investigation reveals that the suspect was not a terrorist 
but a foreign businessman on his way to the airport.

Example:

Was the action harmful? 
Was the action intentional? 
How morally wrong was the action? 
…

Scenario

Questions
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Subway Station Scenario
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Success (100%)Failure (0%) Compromise (50%)

A large tsunami is approaching a coastal town of 10,000 people, with potentially 
devastating consequences. The [politician | algorithm] responsible for the safety of 
the town can decide to evacuate everyone with a 50% chance of success, or save 
50% of the town with 100% success.…

The [politician | algorithm] decides 
to save everyone but the rescue 
effort fails. The town is devastated 
and a large number of people die. 

The [politician | algorithm] 
decides to save everyone 

and the rescue effort 
succeeds. Everyone is saved. 

The [politician | 
algorithm] decides to 

save 50% of the town.

Risky Public Decision1



1. Was the politician’s decision 
harmful? 

2. Would you consider hiring this 
politician? 

3. Was the politician’s decision 
intentional? 

4. Do you like the politician 
5. How morally wrong or right was 

the politician’s decision? 
6. Do you agree that the politician 

should be promoted to a position 
with more responsibilities? 

7. Do you agree that the politician 
should be replaced with a 
robot or an algorithm? [replace 
different] 

8. Do you agree that the politician 
should be replaced by another 
person? [replace same] 

9. Do you think the politician 
is responsible for the evacuation 
decision? 

10. Do you think the politician 
is responsible for the death of 
the people? 

11. If you were in a similar situation 
as the politician, would you 
have done the same?

SuccessFailure Compromise



Marketing Mistakes2



1. Was the marketeer’s decision 
harmful? 

2. Would you consider hiring this 
marketeer? 

3. Was the marketeer’s decision 
intentional? 

4. Do you like the marketeer 
5. How morally wrong or right was the 

marketeer’s decision? 
6. Do you agree that the marketeer 

should be promoted to a position with 
more responsibilities? 

7. Do you agree that the marketeer 
should be replaced with a robot or an 
algorithm? [replace different] 

8. Do you agree that the marketeer 
should be replaced by another person? 
[replace same] 

9. Who is more responsible for the 
images? [marketeer – company]? 

10. If you were in a similar situation as 
the marketeer would you have done 
the same? 

11. Who should respond to the public? 
[marketeer – company]



On a sunny spring day, a [driver | driverless car] 
working for a supermarket chain accidentally 
runs over a dog that jumps in front of the 
vehicle. The dog is hurt and is taken to the 
veterinarian.

On a sunny spring day, a [driver | driverless car] 
working for a supermarket chain accidentally runs over 
a pedestrian who runs in front of the vehicle. The 
pedestrian is hurt and is taken to the hospital.

On a cold and windy day, a [driver | driverless 
car] working for a supermarket chain swerves 
to avoid a falling tree. By swerving, the 
[driver | driverless car] loses control of the 
vehicle, leading to an accident that seriously 
injures a pedestrian on the sidewalk.

On a cold and windy day, a [driver | driverless car] 
working for a supermarket chain swerves to avoid a 
falling tree. By swerving, the [driver | driverless car] 
loses control of the vehicle, leading to an accident that 
seriously injures a dog on the sidewalk.

3



Sunny Dog Sunny Person Winter Person Winter Dog
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7. A family has a [cleaner | robot] in charge of 
cleaning their house. One day, the family finds the 
[cleaner |  robot] used an old national flag to clean 

the bathroom floor, and then, threw it away.  

4



A demolition crew, composed of [construction workers 
and heavy machinery | autonomous heavy machinery], 
is tasked with tearing down an old public school that is 
scheduled for reconstruction. During the demolition 
process, the crew fails to notice that the American flag 
is still waving on the Flagpole. The flag is shredded by 
the heavy machinery and buried in the rubble. 

During a major sporting event, the [operator|algorithm] 
running the public announcement system interrupts the 
national anthem to notify about a car that is poorly 
parked and about to be towed.  

In an international sporting event, the [operator|
algorithm] running the public announcement system 
plays the wrong national anthem for one of the two 
teams. The fans in the station are baffled and annoyed.  
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1. Was the decision harmful? 
2. Would you consider hiring this person/

robot? 
3. Was the person/robot’s decision 

intentional? 
4. Do you like the person/robot 
5. How morally wrong or right was the 

decision? 
6. Do you agree that the person/robot 

should be promoted to a position with 
more responsibilities? 

7. Do you agree that the person/robot 
should be replaced with a robot or an 
algorithm? [replace different] 

8. Do you agree that the person/robot 
should be replaced by another person? 
[replace same] 

9. Who is more responsible for the images? 
[marketeer – company]? 

10. Who should respond to the public? 
[marketeer – company] 

11. If you were in a similar situation as the 
person/robot would you have done the 
same?

Non-Patriotic AI
AI, Human

Robot 
Cleaner

Anthem 
Interruption

Wrong 
Anthem

School 
Demolition
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How Humans Judge Machines
A Few Takeaways:

In scenarios involving physical harm, humans tend to 
judge machines more harshly than humans. 

In scenarios involving fairness or loyalty, humans judge 
humans more harshly than machines. 

In scenarios involving uncertainty (like in the Tsunami 
example or the self-driving car), humans judge 
machines more harshly. 

In scenarios involving automation, responsibility moves 
up the chain of command.
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